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Contributions

1.  Multistage training pipeline: Reinforcement
Learning to enable robust demonstration
tracking; Imitation Learning to correct
kinematic error from visual information.

2. Sim-to-Real evaluation on a modified peg
transfer task with improved performance.

3. Shows generalisability and robustness as a
visuomotor policy for future integration.

- ¢ - ® og..z .. - -
Imperial College London N I H R Imperial Biomedical . CANCER | Convergence ITPA Iv:;l:redchONE imperial.ac.uk
Research Centre Sopeal UK Centre




	Slide 1: Overcoming Imperfect Kinematics in Surgical Robotics Through Sim-to-Real Visuomotor Learning

